It has been reported recently that learning has a beneficial effect on evolution even if the learning involved the acquisition of an ability which is different from the ability for which individuals were selected (Nolfi, Elman & Parisi, 1994) . This effect was explained as the result of the interaction between learning and evolution. In a successive paper, however, the effect was explained as a form of recovery from weight perturbation caused by mutations (Harvey, 1996 (Harvey, , 1997 The initial population is composed of 100 individuals, each with the architecture described in Figure and randomly assigned connection weights in the ± 1.0 interval. At the end of life, the 100 individuals are ranked
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In a recent article Jeffrey Elman, Domenico Parisi, and. I reported the results of a set of simulations in which neural networks that evolve (to become fitter at one task) at the population level may also learn (a different task) at the individual level ~1~~~~~, Elman & Parisi, 1994 As the authors showed, after a few generations individuals learning to predict also increased their ability to find food during life (see Figure 2 , thick lines).
Moreover, by comparing the results of the experiments described above with another set experiments in which individuals were not allowed to learn to predict during their lifetime, the authors showed that learning populations systematically and significantly displayed faster and higher fitness values across generations than populations without learning (see Figure 3) . The same type of results were obtained in other cases and in particular in cases in which the learning task and the evolutionary task were clearly &dquo;uncorrelated&dquo; (see Parisi, Nolfi 81 Cccconi, 1992;  Harvey, 1997) .
In two recent articles, Harvey (1996, 1997) claimed that the improvement in average performance observed in learning individuals (cz Figure 2 and 3) is not due to an interaction between learning and evolution but &dquo;rather from a relearning effect on weights perturbed by mutation&dquo; (Harvey, 1997, p.328 (Hinton, and Plaut, 1987) , and (b) when good performance on one task is degraded by random perturbations of the weights, it can be observed that even training on any unrelated second task can be expected to improve the performance on the first task (Harvey, and Stone, 1996) . On the basis of this, Harvey (1996) Nolfi, Elman and Parisi (1994) and cannot be explained as a form of re-learning as hypothesized by Harvey (1996 Harvey ( , 1997 Harvey, 1996 Harvey, , 1997 
